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Input to security:
Images lead to “reallty blas”
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»| How Does Facebook Choose » -
What To Show In News Feed?

| NewsFeed o1, P, (x Tx

VlSlblllty Interest Post Creator Type Recency

! Interest Post Creator Type Recency

Interest of the user This post's Performance of past Type of post How new is the post
in the creator performance posts by the content (status, photo,

amongst creator amongst link) user prefers

other users other users

* This is a simplified equation. Facebook also looks at roughly 100,000
other high-personalized factors when determining what's shown.
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Input to
security:

Facebédk léaks‘bfh
. internal research,
"(2021)7

-> conflict and
conspiracy b1as
in the media . =
citizens use toT

“We also have compelling
evidence that our core product
mechanics, such as virality,
recommendations, and optimizing
for engagement, are a
significant part of why these
types of speech flourish on the
platform.”

“If integrity takes a hands-off
stance for these problems,
whether for technical
(precision) or philosophical
reasons, then the net result is
that Facebook, taken as a
whole, will be actively (if not
necessarily consciously)
promoting these types of
activities. The mechanics of

our platform are not neutral.”
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.teal —world appllcatlons of ff*ff h HORSE DOG
ﬂxfconvolqtlonal networks, but equallyv DOG(70.7%) CAT(75.5%)
"Uimportantly, it demonstrates thaty

athese networks perfornlcomputatlonsw”
that are dramatically dlfferent
from those 1n human bralns.’

v

CAR DEER
AIRPLANE(82.4%) DOG(86.4%)



Direct Encoding
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Figure 1: Evolved images that are unrecognizable to humans, but that state-of-the-art DNNs trained on ImageNet believe with >=
99.6% certainty to be a familiar object. This result highlights differences between how DNNs and humans recognize objects.
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5;0utput from security recép“ A
KEY POINTS, QUESTIONS TO THINK

e Automation bias - social media promotes oonfllctuhh;f.”’l‘ﬂ
- . ® ‘Reality bias’ continues - images seem to show realitys r
."-3 . unmediated, also with computer v1sonéf',{ WMQ W& Jrrkm“dgf
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